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Response to Reviewer A 

Comment 1: The authors claim this method referenced to tumors. But a quick 

PubMed search by the reviewer shows many studies in the CKD field itself. Do the 

authors have a grasp on what the current strategies/studies are there in CKD/DKD.  

Reply1: Thank you for the valuable comment. We are very sorry for our incorrect 

statement＂WGCNA is an effective method to screen out key genes, which is wildly 

used in diseases such as tumors＂. We do agree with you that WGCNA (as well as 

other bioinformatics analyses) are not only used for researches concerning tumors. 

We have pay close attention to similar studies and know that WGCNA is applied in 

various diseases, such as tumors, chronic disease, immunity disease, mental disease, 

also in kidney disease. Our improper statement may mislead readers. Thank you again 

for pointing it out. 

Changes in the text: We modified our text and added the corresponding references 

(see Page 5-6, line 67-70). 

 

Comment 2: Throughout the manuscript, there is a lack of clear and in-depth 

explanation of the method used. A major flaw in data processing. The authors claim 

they converted the probe expression in (.txt) file to gene expression on line 60 under 

Data processing heading. The reviewer looked at that .txt file in the GEO website for 

that database GSE104948 and see that the data is already at the gene level. So, raises 

the question about the processing of the data where they claim removal of probes and 

taking median. And since this study is dependent on this data it's important for the 

authors to clarify this as this raises a major concern on the validity of this study. 

Therefore, the authors need to explain this in detail on the data processing.  

Reply 2: Thank you for your comments. We are sorry for our unclear description of 

data procession. As we know, the chip technology refers to hybridizing a large 

number of probes with labeled sample molecules, then obtaining the corresponding 

gene expression of the sample molecules by detecting the intensity of the 

hybridization signal of each probe molecule. So, the expression matrix file is often 

presented in the form of probes. In our study, the expression matrix files of dataset 



GSE104948 was downloaded from the Gene Expression Omnibus (GEO) database 

(download link: 

https://ftp.ncbi.nlm.nih.gov/geo/series/GSE104nnn/GSE104948/matrix/). Reviewer 1 

claimed that the data is already at gene level, but we double check the expression 

matrix file and confirmed again that the data presented in probe form. Therefore, the 

probe annotation is necesssary to correspond probes to genes symbols, as other 

similar studies (1-4). In all probes of the microarray, a certain probe can point to 

multiple genes, meanwhile a certain gene can be measured by multiple probes, so we 

removed the probe matching multiple genes, and as to the gene matching with 

multiple probes, we took the average value of probes as the final expression value of 

the corresponding gene. In order to better show, we take a screenshot of the 

expression matrix file: 

 

 

We can provide the probe matrix file in TXT format before and after the annotation 

for your reference if necessary. Thank you again for your patience and valuable 



comment. 

Changes in the text: We have re-written this part according to your kind suggestions 

(see Page 7, line 85-89).  

 

 

Comment 3: In figure 1 its says DEGs for DKD/normal related module. Again, there 

is a major flaw in the implementation/interpretation of the WGCNA method. 

Basically, the two modules that the authors identified as DKD and normal in fact can 

be considered as modules that are upregulated/downregulated in DKD. The authors 

need to invest a little more on the implementation of this method on how they are 

associating the modules to the phenotypes of DKD and normal and thereby the 

interpretation of the findings.  

Reply 3: Thank you for your advice. The purpose of module-trait correlation analysis 

is to find the co-expression modules that are significantly related to a certain trait. In 

our study, DKD and normal are the clinical traits of samples. After constructing 

weighted gene co-expression network, genes were divided into several co-expression 

modules. The expression value of each gene in the modules is expressed as a 

continuous value. When exploring the relationship between the trait and module, it is 

difficult to analyze the entire module. So, a new concept module eigengenes (MEs) 

was introduced, which was the chief component of a certain module and can represent 

the expression pattern of the module. Then, we calculated the correlation coefficients 

between MEs and clinical trait by Pearson’s test to find trait-related modules. In order 

to verify the MEs can represent the module well, we calculated the correlation 

analysis between GS and MM (the definitions of GS and MM are available in page 

9-10, line 122-126 of the manuscript). When a module had a high correlation between 

GS and MM, and most points in the scatter plot diagram are distributed in the upper 

right corner, the genes in the module had a close relationship with both MEs and traits 

related to modules. That is, MEs can represent the whole module well and the major 

genes in the module had high relationship with clinical traits. Modules meet these 

criteria are considered to be worthy of further analyses (Figure 4 of the manuscript). 

Changes in the text: We have re-written this part (see Page 9, line 114-127). 

 

Comment 4: Several places talk about DKD and normal. But what is normal. Define 

normal. And actually contradicts at couple places. In line 178 they claim that the red 



module is ."......metabolic process, which uncovered the metabolism disorder in 

DKD." and in line 186 mentioning ".....most genes in red module may have a great 

impact in maintaining normal function".  

Reply 4: Thank you for your comments. Sorry for our unclear expression. In our 

study, the clinical traits of samples included DKD and normal. The kidney tissue was 

got from DKD patients and healthy living donors correspondingly. Therefore, normal 

is referred to the healthy living donors.  

Module with positive relationship with DKD played a role in the pathogenesis of 

DKD, while modules positively correlating with normal trait were important in 

maintaining normal biological function. Based on our results, the red module is 

significantly related to the normal trait (r = 0.8, P = 2e–07). What is more, GO and 

KEGG enrichment analyses on red module showed that most genes in this module 

were related to the metabolic process. So, major genes in red module took part in 

various metabolic processes, which indicated a role in maintaining normal biological 

functions. The results also indirectly reflected the possible metabolic disorder of 

DKD, which were in accordance with previous reports (5-7). 

Changes in the text: We have modified our text as advised (see Page 6, line 80-83; 

Page 16, line 214-221; Page 20-21, line 270-275)"  

 

Comment 5: Throughout the manuscript there is a lack of clarity and poor 

explanation. The methods section is written very sparsely. The authors do not provide 

enough material to convince the reviewer that the finding is robust from a 

computational perspective and neither for a biomarker claim.  

Reply 5: We'd like to thank you for your careful readings and constructive comments. 

We apologize for unclear description of our manuscript. We have carefully modified 

our manuscript according to your suggestions and added more details to improve 

clarity for better understanding. We hope our modifications can meet the 

requirements of ATM. 

Changes in the text: We have modified our manuscript (Revised portion are marked 

in red)"  

 

 

 



Response to Reviewer B  

Comment 1: The authors analyze Transcriptome data from the GEO database to 

identify bub genes associated with DKD using WGCNA. An advantage of WGCNA 

is that it provides powerful module preservation statistics that assess the density (how 

tight interconnections among genes in a module are) and connectivity patterns of 

individual modules. Similar research has been performed before by Tang et al. (Tang 

W, et al. Eur Rev Med Pharmacol Sci. 2012;16(14):1967–1973). This should be 

discussed. The difference in results between these two studies might be explained by 

the batch effect. A new hub-gene, FCER1G, was identified and validated in an 

independent GEO dataset. I think this study still adds something new to the literature.  

Reply1: Thank you for your encouraging and helpful comments. In fact, we have 

carefully studied the research you mentioned before we conducted our study. Both 

Tang W and we found that DKD was related to immunity. However, the key genes we 

discovered are not the same. There are several reasons we want to explain: 

Firstly, we agree with what you said, the batch effect (different chip platforms, 

operators, reagents, or instruments) can make the experimental results not exactly 

consistent. Both expression data mining and basic experiments (such as western blot, 

immunehistochemical et al.) would face these similar problems. Therefore, it is very 

important to verify the robustness of the result. In our study, we verified the 

differential expression level of the key gene between normal and DKD tissues in three 

other external datasets and found FCER1G overexpressed in DKD compared with 

normal in each dataset. Furthermore, we explored the relationship between FCER1G 

and clinical traits of DKD and found a negative correlation between the expression of 

FCER1G in DKD glomeruli and glomerular filtration rate (GFR), which further 

confirmed the reliability of our results. 

Secondly, different analytic methods may lead to the difference of the most vital 

genes. In our study, we constructed the weighted gene co-expression network, and 

analyzed Gene Ontology (GO) and Kyoto Encyclopedia of Genes and Genomes 

(KEGG) enrichment, finally got the key gene from the top 2 most significant terms 

from terms of GO-BP enrichment. while the methods of other similar researches are 

different from ours, the key genes could also be different. We think this is not 

contradictory, but complementary. 

Lastly, the pathogenesis behind the disease is complex and must be the result of 

interaction of multiple genes. Therefore, the distinction of results from different 



research can be mutually corroborated and also contributed to mining more useful 

information. What is more, both Tang W and we found that DKD was related to 

immunity, which further verified a high credibility of our result. 

Once again, thank you very much for your comments. 
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