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Does everyone understand the terminology ‘borrowed’ from
computer sciences creeping into medical sciences?
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Terminology used in computer sciences has gradually made
in-roads into medical sciences (1-4). In the recent past,
especially, during the last two three decades, computers
and artificial intelligence (AI) has exponentially grown into
almost every aspect of human life. Physical and clinical
examination to derive inferences by trained human being is
being fast replaced by computer gathered data and analysis.
Such an example is the article by Li ez a/. (1) where the
data analysis and the terminology used is computer based. I
subtly suggested to the authors to change (or elaborate on)
the terms used in the manuscript but they have continued
to prefer the terms which are widely ‘accepted’ in published
literature. These terms are commonly used and understood
in the medical research field but need to be understood,
I feel, by clinicians for application in day-to-day practice
of medicine. I was not surprised to find out that medical
students, residents in training and even clinical practitioners
were not fully informed about such terms. That made
me put together the following commentary that, I hope,
will facilitate readers not familiar with the ‘borrowed’
terminology to make better sense of the article.

Since the concept was introduced in 1950s, most of us
are familiar with the term ‘Al’. Al is computer generated
information (intelligence) where computers are made to
think and reason in a way ‘similar’ to human brain. Software
programs are developed and fed to the computers for data
analysis and derive inferences from it.

That leads us to the term “machine learning”. Machine
learning is making the machines (computers) be able to

think and learn without explicitly programming for each
and every step of data analysis.

It is further refined to make “deep learning”. Deep
learning is the learning of a computer to analyze raw data
fed to it and reach at some algorithm(s). That information
is checked for accuracy (or inaccuracy) by human being.
The refined data is further fed to the next ‘neural layer’ of
‘the computer’ (not neural layer of human brain) for better
analysis, rechecked for accuracy (or inaccuracy) and fed to
next neural layer of computer and so on; going deeper and
deeper into the ‘computer brain’ for better and more refined
data analysis. Deep learning is refining and improving the
process of machines (computers) learn new things, and
mimic how human brain learns new information.

Now we reach at the next term called “ground truth”.
Ground truth is the term used in analyzing ‘satellite’
generated imagery of a particular location on the ground.
Data gathered by satellite is compared with the ‘true
information of materials and features on the ground’
gathered by human being. This term has been used in the
published literature and in this referenced article (1) to
compare the data gathered by the used technology with the
‘true’ information of the choroidal thickness as determined
by clinical information, optical coherence tomography
(OCT) or otherwise.

More and more published literature is accumulating
in ophthalmic journals using these words and such
terminology. Therefore, it becomes ‘imperative’ for the
authors to explain and elaborate on such terminology,
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which is relatively new in medicine but making inroads in
medical field. I hope this above explanation would facilitate
the readers not familiar with the terminology to better
understand the article(s).
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