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CRISPR screens and the best cancer drug targets: picking the

needle out of the haystack
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In the past two decades, the clinical management of cancer
patients, mostly based on the use of surgery, chemotherapy
and radiotherapy, has been revolutionized by the
development of precision medicine and new immunotherapy
approaches, two new pillars in cancer therapeutics. The
ways to treat cancer have enormously increased providing
more tailored approaches to cancer patients, who can be
offered a wider range of therapeutic options. Despite such
progress, however, the huge heterogeneity of tumors and
their ability to develop resistance to therapies make cancer
a moving target. Cancer-specific dependencies and the best
drug targets need to be identified to increase even more
the arsenal of weapons that can be used at different stages
of treatment in a sequential manner to defeat the disease or
make it become chronic.

The recent discovery of the prokaryotic CRISPR
(clustered regularly interspaced short palindromic repeats)-
Cas 9 adaptive immune system as a revolutionary genome
editing tool (1,2), provided an invaluable means for fast
pace discoveries through both forward and reverse genetics
approaches (3).

Only few years ago, through the rapid generation of
human somatic cell knockout of thousands of genes, the
first studies showed the potential of CRISPR-Cas9-based
genome scale lentiviral libraries for the identification, and
subsequent functional characterization, of the molecular
underpinnings of biological and pathological processes (4-7),
anticipating a myriad of following studies. However,
identifying the most promising drug targets among
hundreds of potential candidates deriving from such high-
throughput screens remains challenging. Helping to figure
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out how to pick some needles out of the haystack, Behan,
Torio and Picco, in a recently published article, established a
framework to prioritize and rank actionable cancer genes (8).
The authors started by performing CRISPR-Cas9 screens,
targeting nearly 20,000 genes, in 339 cancer cell lines
deriving from tumors of 19 different tissues, spanning from
lung, breast, colon, stomach, ovary and others, to difficult-
to-treat tumors such those of the nervous system and
pancreas. Selected cells, stably expressing Cas9 at a level
of activity above 75%, were transduced with lentiviral-
packaged whole genome sgRNA library to achieve optimal
library coverage. Following stringent quality control
analyses, the authors were able to evaluate a final set of
324 cell lines, deriving from 30 tumor types, which were
screened for genes that determine cancer cell fitness, being
essential to sustain cancer cell growth and viability. The
analysis retrieved a median of 1,459 fitness genes in each
cell line.

The authors reasoned that fitness genes common to
a cancer type and required for most of the tested cell
lines (defined as core fitness genes) are likely associated
to fundamental processes in cells and their inactivation
could probably result in high toxicity. Conversely, better
actionable drug targets could consist of genes required
only in specific contexts because their inactivation would
likely spare healthy tissues from toxic effects. So, to classify
such core fitness genes and identify the context-specific
ones, Behan and colleagues designed an algorithm, based
on a previously described model (9,10), which was named
Adaptive Daisy Model (ADaM). Through ADaM, which
was released for public use (8), the authors were able to
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adaptively determine statistically a core fitness gene by
calculating the minimal number of cell lines, of a certain
cancer type, which were dependent on it. Similarly, ADaM
allowed to determine the minimal number of cancer
types for which a gene could be classified as pan-cancer
core fitness gene. The large dataset of this study allowed
the authors to refine the classification of essential genes
compared with previous works (10-12), resulting, overall,
in a median of 866 cancer-type specific genes and 533 pan-
cancer core fitness genes, the latter being essential in at
least 12-13 cancer types. Ideal drug targets are supposedly
those context-specific fitness genes that are highly expressed
in single tumor types but not in matched healthy tissues,
therefore less likely to induce toxicity if targeted.

To narrow down to a manageable list of potential
cancer-specific drug candidates, the authors developed
a prioritization framework taking into account multiple
factors, each contributing with a different weight to assign
every gene a priority score, ranging from 0 to 100. In
particular, 70% of the priority score was assigned based
on a first set of criteria, including the fitness effect size
derived from the CRISPR-Cas9 screen in dependent cell
lines, the significance of fitness loss, target gene expression/
mutational status, and record of other fitness genes within
the same pathway. The remaining 30% of the priority score
was assigned through a second set of criteria based on the
identification of genomic features correlated with fitness
genes: in particular, target somatic mutations in primary
tumors and the presence of genetic biomarkers associated
with the target dependency were taken into account.
For such biomarker analysis the associations between
fitness genes and the presence of cancer driver events or
microsatellite instability (MSI), were evaluated through a
systematic ANOVA, both at the pan-cancer and individual
cancer-type level, categorizing genes into different classes—
A, B, C or weaker—according to the significance and effect
size thresholds of their associations. So, the integrated
analysis of public data with their own allowed the authors
to short-list 628 priority targets, 617 of which were cancer-
type specific. Core fitness genes, which are likely poor drug
targets because of potential high toxicity, were scored 0
and ruled out along with non-expressed or homozygously
deleted genes that could test as false positive. The data
were made available through the project Score website,
further contributing, with such wide CRISPR-Cas9 screen,
to draw the Cancer Dependency Map, a sort of genome-
scale rule book of cancer-specific weaknesses that can be
used as Achilles’ heel for synthetic lethal precision medicine
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strategies (12-14).

Going further, to hunt down the most promising targets,
the authors integrated the list of 628 priority targets with
data relative to their potential tractability—which relates to
the ability of a target to be drugged with a therapeutically
useful level of affinity, efficacy and safety by a small
molecule or an antibody (15). The authors started from
a previously developed genome-wide target tractability
assessment pipeline, which collects publicly available data
and finally ranks and assigns human genes to different
buckets of tractability depending on their likelihood of
being targeted through small molecules, antibodies or other
approaches (15). So, the 628 priority targets were cross-
referenced with their tractability data and categorized
into three tractability groups. Forty priority targets were
classified in group 1; these included targets of already
approved cancer drugs or of compounds in pre- or clinical
development. Interestingly, while some of these targets
already have a drug developed in the same cancer in which
they induced dependency, others have drugs developed for
other conditions, suggesting new repurposing strategies.
Approximately 33% of these candidates were also associated
with a class A biomarker further supporting the fact that
they are indeed highly recommended targets. Another set
of 277 priority targets were classified in tractability group
2, which gathered targets without drugs in the current
clinical development pipeline but with high potential
for druggability. Approximately 18% of these were also
associated with a class A biomarker. Finally, 311 priority
targets ended up in group 3 for which no supportive
information were available concerning tractability.

From a functional point of view, priority targets in group
1 were significantly enriched in protein kinases, which are
classic oncogenic drivers and probably the most attractive
targets of precision medicine approach so far, which justifies
their allocation in the group with already available drugs.
Whereas priority targets in group 3 were significantly
enriched in transcription factors, which are probably more
difficult to target with conventional strategies. The authors
therefore reasoned that priority targets within tractability
group 2 had the better chance for novel drug development.
So, among priority targets within this class, they zoomed
in on Werner (WRN), a member of the RecQ subfamily
of DNA helicases, which is involved in the maintenance
of genome integrity and whose germline loss-of-function
mutations cause a syndrome characterized by premature
aging and cancer predisposition (OMIM #277700) (16).

From the study analysis, the authors identified at the pan-

Biotarger 2019;3:10 | http://dx.doi.org/10.21037/biotarget.2019.06.02



Biotarget, 2019

cancer level a dependency on WRN, which showed a class
A association with the MSI biomarker. MSI arises owing
to defects of the DNA mismatch repair system, which is
common to various tumor types and, along with tumor
mutational burden and expression of immune checkpoint
factors, is being considered as an important predictive factor
for immunotherapy approaches (17). Indeed, the proof that
MSI tumors, with a faulty mismatch repair and subsequent
high mutational load, were susceptible to immune checkpoint
blockade (18,19), led to the first tissue-agnostic drug approval
by the Food and Drug Administration in 2017 (20).

Through their study, Behan and colleagues found that
microsatellite unstable colon and ovarian cancer cells, in
particular, showed a dependency on WRN. The association
of MSI and WRN requirement was not significant in gastric
cancer cells and could not be assessed in endometrial cancer
cells because of the small sample size. However, further
validation analysis showed that CRISPR-Cas9 based knock
out of WRN through four different sgRNAs potently
affected cell fitness (with an effect size similar to the one
exerted by core fitness genes) in all MSI colon, ovarian,
gastric and endometrial cells tested but not in satellite
stable cells from the same cancer types. The efficacy of such
synthetic lethal therapeutic strategy was also confirmed
in vivo, in a xenograft model of colorectal cancer. Finally,
through expression of sgRINA-resistant mutants in the
WRN knock out MSI cells, the authors showed that
WRN helicase activity was required to rescue the loss-of-
fitness effect, suggesting that drug development should aim
towards the protein domain endowed with such activity (8).

Three other studies almost concomitantly found that
WRN is a synthetic lethal target in tumors bearing MSI
(21-23), further supporting not only the potential of this
new precision medicine approach but also the validity
of such a streamlined method to identify and prioritize
promising cancer drug candidates.

There is no doubt that CRISPR-Cas9 based screens
will discover in the near future new cancer genes at an
unprecedented pace. Generally, however, the costs for
pharmaceutical companies to produce new drugs are very
high and only a small percentage of these gain final approval
by regulatory agencies. Among all pharmaceuticals,
oncology drugs show the lowest success rate, as confirmed
by recent studies estimating the rates and reasons for such
high attrition (24,25). Although efforts are ongoing to
improve the design of clinical trials favoring a more rapid
drug assessment and eventually accelerating approval
(26,27), the initial selection of the best drug candidates

© Biotarget. All rights reserved.

Page 3 of 4

seems of utmost importance in the drug development
process. The work from Behan, Torio and Picco provides
a valuable tool to derive a genome-scale data-driven
framework (integrating open data from various sources
including genomic features and tractability datasets) for
the prioritization of drug candidates holding potential for a
rapid development and clinical translation.

Acknowledgments

F Pentimalli is also Adjunct Associate Professor at Temple
University, Department of Biology, Philadelphia, PA, USA.
The author wishes to thank the Sbarro Health Research
Organization (http://www.shro.org) and its Director
and Founder, Prof. Antonio Giordano, for support and
encouragement.

Funding: None.

Footnote

Provenance and Peer Review: This article was commissioned
and reviewed by Executive Editor-in-Chief Dr. Hualin Sun
(Jiangsu Key Laboratory of Neuroregeneration, Nantong
University, Nantong, China).

Conflicts of Interest: The author has completed the ICMJE
uniform disclosure form (available at http://dx.doi.
org/10.21037/biotarget.2019.06.02). The author has no
conflicts of interest to declare.

Ethical Statement: The author is accountable for all
aspects of the work in ensuring that questions related
to the accuracy or integrity of any part of the work are
appropriately investigated and resolved.

Open Access Statement: This is an Open Access article
distributed in accordance with the Creative Commons
Attribution-NonCommercial-NoDerivs 4.0 International
License (CC BY-NC-ND 4.0), which permits the non-
commercial replication and distribution of the article with
the strict proviso that no changes or edits are made and the
original work is properly cited (including links to both the
formal publication through the relevant DOI and the license).
See: https://creativecommons.org/licenses/by-nc-nd/4.0/.

References

1. Jinek M, Chylinski K, Fonfara I, et al. A programmable

Biotarger 2019;3:10 | http://dx.doi.org/10.21037/biotarget.2019.06.02


http://dx.doi.org/10.21037/biotarget.2019.06.02
http://dx.doi.org/10.21037/biotarget.2019.06.02
https://creativecommons.org/licenses/by-nc-nd/4.0/

Page 4 of 4

10.

11.

12.

13.

14.

15.

dual-RNA-guided DNA endonuclease in adaptive bacterial
immunity. Science 2012;337:816-21.

Cong L, Ran FA, Cox D, et al. Multiplex genome
engineering using CRISPR/Cas systems. Science
2013;339:819-23.

Gurumurthy CB, Grati M, Ohtsuka M, et al. CRISPR:

a versatile tool for both forward and reverse genetics
research. Hum Genet 2016;135:971-6.

Shalem O, Sanjana NE, Hartenian E, et al. Genome-scale
CRISPR-Cas9 knockout screening in human cells. Science
2014;343:84-7.

Wang T, Wei J], Sabatini DM, et al. Genetic screens in
human cells using the CRISPR-Cas9 system. Science
2014;343:80-4.

Zhou Y, Zhu S, Cai C, et al. High-throughput screening of
a CRISPR/Cas9 library for functional genomics in human
cells. Nature 2014;509:487-91.

Wang T, Birsoy K, Hughes NW, et al. Identification and
characterization of essential genes in the human genome.
Science 2015;350:1096-101.

Behan FM, Iorio F, Picco G, et al. Prioritization of cancer
therapeutic targets using CRISPR-Cas9 screens. Nature
2019;568:511-6.

Hart T, Brown KR, Sircoulomb F, et al. Measuring error
rates in genomic perturbation screens: gold standards for
human functional genomics. Mol Syst Biol 2014;10:733.
Hart T, Chandrashekhar M, Aregger M, et al. High-
Resolution CRISPR Screens Reveal Fitness Genes

and Genotype-Specific Cancer Liabilities. Cell
2015;163:1515-26.

Hart T, Tong AHY, Chan K, et al. Evaluation and Design
of Genome-Wide CRISPR/SpCas9 Knockout Screens. G3
(Bethesda) 2017;7:2719-27.

McDonald ER 3rd, de Weck A, Schlabach MR, et al.
Project DRIVE: A Compendium of Cancer Dependencies
and Synthetic Lethal Relationships Uncovered by Large-
Scale, Deep RNAI Screening. Cell 2017;170:577-92.€10.
Tsherniak A, Vazquez F, Montgomery PG, et al. Defining
a Cancer Dependency Map. Cell 2017;170:564-76.¢16.
Meyers RM, Bryan JG, McFarland JM, et al.
Computational correction of copy number effect improves
specificity of CRISPR-Cas9 essentiality screens in cancer
cells. Nat Genet 2017;49:1779-84.

Brown KK, Hann MM, Lakdawala AS, et al. Approaches
to target tractability assessment - a practical perspective.
Medchemcomm 2018;9:606-13.

© Biotarget. All rights reserved.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

Biotarget, 2019

Oshima J, Sidorova JM, Monnat RJ. Werner syndrome:
Clinical features, pathogenesis and potential therapeutic
interventions. Ageing Res Rev 2017;33:105-14.

Luchini C, Bibeau F, Ligtenberg MJL, et al. ESMO
recommendations on microsatellite instability testing

for immunotherapy in cancer, and its relationship with
PD-1/PD-L1 expression and tumour mutational burden:
a systematic review-based approach. Ann Oncol Off ] Eur
Soc Med Oncol 2019. [Epub ahead of print].

Le DT, Uram JN, Wang H, et al. PD-1 Blockade in
Tumors with Mismatch-Repair Deficiency. N Engl ] Med
2015;372:2509-20.

Le DT, Durham JN, Smith KN, et al. Mismatch repair
deficiency predicts response of solid tumors to PD-1
blockade. Science 2017;357:409-13.

Garber K. In a major shift, cancer drugs go “tissue-
agnostic”. Science 2017;356:1111-2.

Chan EM, Shibue T, McFarland JM, et al. WRN helicase
is a synthetic lethal target in microsatellite unstable
cancers. Nature 2019;568:551-6.

Kategaya L, Perumal SK, Hager JH, et al. Werner
Syndrome Helicase Is Required for the Survival of
Cancer Cells with Microsatellite Instability. iScience
2019;13:488-97.

Lieb S, Blaha-Ostermann S, Kamper E, et al. Werner
syndrome helicase is a selective vulnerability of
microsatellite instability-high tumor cells. Elife 2019. doi:
10.7554/eLife.43333.

Hay M, Thomas DW, Craighead JL, et al. Clinical
development success rates for investigational drugs. Nat
Biotechnol 2014;32:40-51.

Wong CH, Siah KW, Lo AW. Estimation of clinical

trial success rates and related parameters. Biostatistics
2019;20:273-86.

Cecchini M, Rubin EH, Blumenthal GM, et al. Challenges
with Novel Clinical Trial Designs: Master Protocols. Clin
Cancer Res 2019;25:2049-57.

Garralda E, Dienstmann R, Piris-Giménez A, et al. New
clinical trial designs in the era of precision medicine. Mol
Oncol 2019;13:549-57.

doi: 10.21037/biotarget.2019.06.02
Cite this article as: Pentimalli F. CRISPR screens and the

best cancer drug targets: picking the needle out of the haystack.
Biotarget 2019;3:10.

Biotarger 2019;3:10 | http://dx.doi.org/10.21037/biotarget.2019.06.02



