5 KR 559 B2 5

2018,38(3) http://Icbl. .
628 J Clin Pathol Res (3) hetp://lcblamegroups.com

doi: 10.3978/j.issn.2095-6959.2018.03.028
View this article at: http://dx.doi.org/10.3978/j.issn.2095-6959.2018.03.028

o8 FURIRBGIR &5 RAURRGH FRIRER CAD MM st
Fam sz ZRE WK

(M R R PR R R A MR 28 — B B R, IR 150000)

i E] ILAE SR R N TR RE G K i, TFE AL B2 Wi (computer-aided diagnosis, CAD)ERNEZH N T4
FE 19 HI VA 4008 2 0 1 I R AR b WA BR2E DL LR e Hee . SEmt . 3. MMM,
TE AR BREETT AR FIITPAL . AR5 S LR S PP J7 10 A H A2 AR HAR T B AR PR T ﬁ‘ﬁﬁﬁ«ljt
HEE/T%Tﬁ%*ﬂﬁﬁ1$§(thyrmd imaging report and data system, TI-RADS- US)E@fﬁjﬂzjﬁ FHOIR iR 455
A IZWHAR L TR R PERLIE . 455 TI-RADS-US Y HUIR ke 7 CAD%éLEEEJZﬁTE%}\T%’ﬁEE’J
WFFEIT

ES: 35 AN BN ORISR S MBI IA R, HURIRES T 85 g

Research progress of thyroid ultrasound CAD combined
with thyroid imaging report and data system

YU Lichao, WU Changjun
(Department of Ultrasonography, First Affiliated Hospital of Harbin Medical University, Harbin 150000, China)

Abstract In recent years, rapid development of medical artificial intelligence, computer-aided diagnosis (CAD) as
the forefront of medical artificial intelligence gradually applied to the clinical work. Ultrasound has its
irreplaceable role in preoperative assessment of thyroid nodules, intraoperative guidance and postoperative
evaluation with its advantages of high resolution, real-time, dynamic and multi-angles. The thyroid imaging
report and data system (TI-RADS-US) is developed to provide guidelines for the diagnosis of thyroid
nodules. Combined with TI-RADS-US thyroid ultrasound CAD system has become a medical research focus
of artificial intelligence.
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Figure 1 Process design
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