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Table S1 Overview of quality assessment of literature 

Subject of assessment Number of studies

Total abstracts reviewed 352

Total full articles retrieved 115

Total studies included 84

Used training/testing set 82

Did not use or mention training/testing set 2

Inclusion of separate validation/hold-out/cross validation sample 68

Inclusion of only one measure of performance 37

Algorithms compared across accuracy only 9

Algorithms compared across AUC only 25

Algorithms compared across sensitivity/specificity only 3

Did not mention image quality 45

Lack of image quality assessment 11

Evaluated and excluded images 22

Evaluated but included poor quality images 6
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