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Figure S1 LASSO regression with 10-fold cross-validation for feature selection. The red dotted line indicates the minimum lambda; the

blue dotted line indicates the 1 standard error of the minimum. LASSO, least absolute shrinkage and selection operator.

LASSO regression coefficients
wavelet. LLL ngtdm_Coarseness -E

wavelet. LLL_gldm_LargeDependenceHighGrayLevelEmphasis b [ ]

wavelet. LLL_glem_Correlation ]

wavelet.LLL firstorder Entropy - ®  Coef

0.2

wavelet. LLH_ngtdm_Complexity

0.0
wavelet HLH_glem MCC 4 [ ]

Features

original_shape_Maximum3DDiameter (]
original_shape Maximum2DDiameterSlice o ([ ]
original_glem_JointEntropy 4 ®

log.sigma.5.mm.3D _firstorder Range o

Q

PSRN

2

Coefficient

Figure S2 Least absolute shrinkage and selection operator regression with 10-fold cross-validation identified 10 significant radiomics
features that could preoperatively predict invasive adenocarcinoma with pulmonary adenocarcinomas presenting as pure ground-glass

nodules.
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Figure S3 Evaluation of the robustness of radiomics features using five-fold cross-validation. AUC, area under the curve.
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